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Age estimation of users in social network LinkedIn
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Abstract: The study of user age estimation method based on the professional social network
LinkedIn, is of positive significance for career development trend analysis, user’s career
adaptability analysis and designing a more reasonable career recommendation system. By mining
and analyzing the user’s profile, the age estimation model(AEM) was designed to describe the
relationship between age and education, work experience. The results show that in the social
network LinkedIn, AEM has better accuracy than the face recognition age estimation method,
revealing certain research value of AEM.
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Fig. 1 Age estimation process
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Table 2 Comparison of real ages and estimated ages %
i 1D A B C D E v N d,
17562612 45 46 46 47 45 45.8 45.0 0.8
45517243 45 44 47 416 45 45.4 44.6 0.8
130925345 48 47 47 47 49 47.6 50.9 3.3
16123146 61 60 61 61 60 60. 6 61.0 0.4
50275252 62 60 60 62 61 61.0 60. 2 0.8
46363372 59 57 59 59 59 58.6 59.0 0.4
20508575 65 62 65 66 64 64. 4 65.0 0.6
4755066 47 45 47 46 45 46.0 47.0 1.0
1490046 41 40 43 42 42 41.6 41.0 0.6
21816395 56 53 56 55 57 55.4 56.0 0.6
69861612 44 41 39 44 43 42.2 43.6 1.4
1213625 53 53 54 53 55 53.6 53.0 0.6
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53872461 60 57 59 59 59 58. 8 60. 0 1.2
14016121 38 34 36 35 36 36. 0 33.6 2.4
65744103 32 33 33 33 37 33. 6 32.0 1.6
165439021 33 32 35 32 32 33. 4 33.0 0.4
7565549 38 37 36 38 37 37.2 38.0 0.8
41802332 68 65 63 66 65 65. 4 68. 0 2.6
74680488 35 35 37 36 37 36. 0 35.0 1.0
685144 47 47 47 47 46 46.8 47.0 0.2
173316 44 43 43 43 43 43.2 44.0 0.8
68673379 31 31 33 31 31 31.4 31.0 0.4
95752531 34 34 33 30 36 33.4 38.1 4.7
62634346 47 47 46 48 47 47.0 47.0 0.0
77115020 38 37 37 38 38 37.6 38. 0 0. 4
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Table 4 Comparison between two methods of age estimation %

A ID yr ¥ d» M 1D yr ¥ dy
17562612 45.8 0 45.8 14016121 36.0 24 12.0
45517243 45. 4 31 14.4 65744103 33.6 21 12.6
130925345 47.6 0 47.6 165439021 33.4 0 33.4
16123146 60. 6 38 22.6 7565549 37.2 43 5.8
50275252 61.0 0 61.0 41802332 65.4 43 22.4
46363372 58.6 51 7.6 74680488 36.0 25 11.0
20508575 64.4 63 1.4 685144 46. 8 44 2.8
4755066 46.0 34 12.0 173316 43.2 43.2
1490046 41.6 38 3.6 68673379 31.4 0 31.4
21816395 55.4 31 24.4 95752531 33.4 39 5.6
69861612 42.2 42 0.2 62634346 47.0 29 18.0
1213625 53.6 34 19.6 77115020 37.6 30 7.6
53872461 58.8 47 11.8
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