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Abstract ;. Existing zebra crossing recognition methods are generally afflicted with such problems
as poor real-time performance or low accuracy. In response to this, a zebra crossing recognition
method was proposed on the basis of edge feature and Hough transform. Firstly, the road
image acquired by a single camera was converted into a top view image by using the principle of
inverse perspective transform(IPM), and then the edge information of the zebra crossing was
extracted by virtue of Sobel, edge detection template. Based on this, the Hough transform was

used to fit the zebra crossing under the constraints of horizontal angle, straight line length,
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interval width and quantity statistics, and finally the zebra crossing was recognized. In the
experimental research, 600 road images collected in different scenes were selected to identify the
zebra crossing. The algorithm boasted the accuracy of 97. 56 % in the case of good daytime light
and 88. 67% in the nighttime situation, with about 33 ms consumed on average. The result
shows that the algorithm can quickly and accurately identify zebra crossings in various scenes,
meeting the needs of practical engineering applications.

Keywords: image processing; zebra crossing recognition; inverse perspective mapping (IPM) ;

edge feature; Hough transform
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