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Indoor smart surveillance system based on human detection theory

CHEN Liang-ren, PAN Quan-song, HOU Bei-ping
(School of Automation and Electrical Engineering, Zhejiang University of

Science and Technology, Hangzhou 310023, China)

Abstract: In order to solve the problem that existing intelligent surveillance system cannot
detect humans well in real time, we incorporate histograms of oriented gradients ( HOG)
features with SVM (support vector machine) cascade classifiers to speed up detection process.
Besides, based on Ethernet platform, this system has the ability of remote indoor monitoring.
The experiments show that this surveillance system can process frames at relatively high
detection speed and detection precision, basically realizing real-time human detection function.
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Fig.3 Mechanism of cascade classifier on detecting humans
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Fig. 4 Flow chart of cascade classifier training
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Fig. 6 Human detection results
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Table 1 Influence of scale and stride on humans detection rate
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