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Mining the hiding information of YouTube sharing video system
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(School of Sugon Big Data Science, Zhejiang University of Science and
Technology, Hangzhou 310023, Zhejiang, China)

Abstract: The server data and network traffic data of YouTube video were targeted to mine
some valuable hiding information for designing effective video content distribution networks.
The statistical modeling method was used to analyze user behavior patterns, static and dynamic
properties by comparing the server data with network video traffic, in pursuit of exploring
transmission mechanisms of YouTube. The results show that the static information derived
from the video server data is strikingly different from the dynamic information of the network.
This difference will help researchers to employ different optimized strategies in designing
algorithms for video servers and caching algorithms for transmission networks.
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