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recommendation learning platform
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Abstract: In view of the fact that the personalized recommendation function of the current online
learning platform cares too much about accuracy, diversity and novelty of the recommendation effect,
while ignoring deficiency of the user experience and other problems, this paper proposed construction
of the interpretable personalized recommendation online learning platform by designing the system
framework of the whole platform and probing into the implementation algorithm in detail. It
emphatically focused on the core algorithm of the interpretable personalized recommendation function
and the recommendation process of the interpretable statement . The personalized recommendation of
courses was tailored to users by means of mixed calculation of various recommendation algorithms,
with reasons for recommending courses available to users by generating interpretable statements

according to the corresponding characteristics. It can effectively improve users’ recognition of
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recommended courses and learners learning efficiency, enhance the personalized recommendation effect
and user experience of the platform, and increase the credibility and transparency of the platform.
Keywords: interpretability; personalized recommendation; online learning platform; recommendation

algorithm
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