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Design of early education system based on CNN intelligent Al assistant
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Abstract: As the country attaches importance to education, the average education level of
Chinese citizens continues to increase, and more and more families are aware of the importance
of early education. In order to solve the existing problems of the large gap in early education
resources between urban and rural areas and people’s low trust in early education apps
(applications), an early education system was designed on the basis of convolutional neural
networks (CNN) deep learning technology. The system used CNN technology for image
recognition and children’s speech recognition; it had built-in artificial intelligence assistant
Xiaoling to guide children’s exploration of things; it was equipped with a parent terminal, to
which the system fed back in the form of a chart the children’s usage data collected from the
children terminal. When the system combined speech recognition and CNN technology, it
focused on the characteristics of children’s voice and conducted voice model training based on

this, which improved the accuracy of recognition. Through data mining and analysis, the
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system generated a children’s usage report on the parent terminal and obtained children’s
interest direction recommendations and relevant course information based on this report,
providing parents with a way to understand the direction of children’s interests.

Keywords: convolution neural network(CNN) ; deep learning; artificial intelligence; early education;

system design
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Fig.1 Design of children terminal Fig. 2 Design of parent terminal
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Fig.3 Core flowchart of children terminal
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Fig. 4 Basic process of image recognition
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Fig.7 Data model of early education system based on CNN deep learning technology
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