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Prediction of insurance loss based on semicontinuous two-part model
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Abstract: [Objective] It is imperative to improve the prediction accuracy of policy accumulated
loss in the insurance field. The traditional Tweedie regression model can only establish a
regression model for non-zero mean value, but not for zero probability, so the fitting effect of
the model is not ideal. [Method] Considering that the policy loss data often contains a large
number of zero claims, it can be regarded as semicontinuous data. Therefore, based on the
semicontinuous two-part model and considering the distribution type of non-zero continuous
part of accumulated loss, three different accumulated loss prediction models were proposed, and
a set of actual loss data was combined to make a comparative analysis of the models. [Result]
The results show that, compared with the Tweedie regression model the AIC ( Akaike

information criterion) and BIC (Bayesian information criterion) values of the two semicontinuous
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regression models are smaller, which have better fitling effects. [Conclusion] The results can
provide a reference for the prediction of policy accumulated loss in the insurance field.
Keywords: accumulated loss prediction; semicontinuous data; Tweedie regression model; two-

part regression models
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